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INTRODUCTION DATA AND FINDINGS

Melanoma affects over 100,000 Americans every year. We can combine
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trajectories for CD8 and B cells.
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The genes that are most differentially expressed play a role in exocytosis, Special thanks to Alborz Bejnood, Ms. Angell, and the AAR program for making
which suggests that there is a link between anti-PDL-1 therapy and altering the this project possible.
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